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Head of Computer Engineering Department
School of Information Technology

Email: chirot.ch@spu.ac.th

Mobile : 08-1278-1873

EDUCATION

- M.E. in Microelectronics Asian
Institute of Technology
- B.E In EE Sripatum University

ACADEMIC HISTORY

- Lecturer: Computer Engineering,
School of InformationTechnology,
Sripatum University (Embedded
System And loT)

-Lecturer: Non Dergree |oT for
industral 1-3

-Lecturer: Non Dergree AloT 4-5

- Consultant: us¥nBlueWave

- Consultant: usyn Energy Max
International

- Consultant: usyn Butterfly22X
- Consultant: Triple Tech Expert
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~Chirot Charitkhuan, Janjai Bhuripanyo, Rerngwut Choomuang, Sripatum University, Thailand, “FPGA
Implementation of Closed-loop Control System for Small-sized Robocup™ 2nd IEEE International
Conferences on Cybernetics & Intelligent System AND Robotics, Automation & Mechatronics, Thailand 7-9
June, 2006,

-Jugkree Palakawong Na Aduthaya, Chirot Charitkhuan, Janjai Bhuripanyo, Sripatum University, Thailand,
“Distributed Control System for Small-sized Robocup™ 2nd IEEE International Conferences on Cybernetics
& Intelligent System AND Robotics, Automation & Mechatronics, Thailand 7-9 June,2006,

~Chirot Charitkhuan. “Development of Parallel Delta Robot System Controller based on Raspberry Pi and
FPGA" (2015). Proceeding of the 2nd International Conference on Advanced Engineering Technology. The
2nd. Incheon National University, South Korea. p.698-704.

-Chirot Charitkhuan. “Development of Parallel Delta Robot System Controller based on Raspberry Pi and
FPGA" (2015). Proceeding of the 2nd International Conference on Advanced Engineering Technology. The
2nd. Incheon National University, South Korea. p.698-704.

- uws? Wuly, GSudma Asgudeaids, Usiad utuyy, 3lsod o3ands. “s:uubiasiRioyadiksuRovavase:.” (2561).
swvuduidiov (Proceedings) mnmsUssyuSuIMss:AUINALA:UIUNE UKISNeNdeasunu (Sripatum University
Conference 2017). ASHA 13. uKSNENFBASUNU. Kih 2227-2235.

- asfe novuAd, Slsau 980Ads, Fagns adwassau. “s:uvavavnadvddifamsus:kdawaoviutndavusuaimAnuuLen
d:ufnumsn)uqumwlﬁu asavavuavausigaan.” (2560). s1ovudUiiov (Proceedings) »1nmMsUs=yu3u1MISNIv
sAonssuTWRI(EECON 41). adoi 41. guasissit. ki 166-169 (CP12).

- NOUAT WSKUL, AU KLUSIAS, g598 NavuAd, 3lsau 95aAds. “Sutnasiiannasswavdmsunmsnoual
Uszansmwuavenlasmsasivaauarukni.” (2560). s1e0IUdULThoD ( Proceedings) 21nmsUssyusuimss:auund
uasua ukIsnendeasunu (Sripatum University Conference 2016). asoR 12. ukisnerdoasunu. ki
2297-2306.

- LuwW theUs:aus, Wie wuad, gsde navud, 3lsau a5ans. “s:uusulaasiialunnasswavaissunuauihluu
#.” (2559). sreviuduidov (Proceedings) NMISUSYUITIMSS=aUaua:nunNa ukisnenaeasunu
(Sripatum University Conference 2015). asbA 11. ukdnendeasunu. ki 1602-1612.

- fiad uun:=dud, aigua natdu, Slsau 930AIs ua: Au dasuAdudl. (2563).s:uuasIsuwndnssulAulies.” 180U
autda\umnmsl.ls:qu5u1n1ss:dumﬁua:mmmﬁ ukiInendeasunu (Sripatum University Conference 2020).
ASoA 15, ukiInendeAsunu. ki1 1596-1603,
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s:uumuqua_mhQ059a§a:é1n§uW1§ulﬁuvlri.s1w1u§u1danmnmsds:qu5u1mss:ﬁumfiua:mmum UKBNNaY
ASUNU (Sripatum University Conference 2019). ASvA 14. usi3nendeasunu. kih 1818-1827.
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UANS NNEWINYTNIA

Computer Engineering Department

School of Information Technology
Email: nimit.tu@spu.ac.th
Phone: 061-951-9597

EDUCATION

*  MEng. (Microelectronics and Embedded Systems),

Asian Institute of Technology, Thailand
®* B.Eng. Bachelor of Ensgineering (Computer Ensineering),

Snipatum University

CORE COMPETENCIES

* Internet of Things (loT): Expert in loT solutions, including

smart health platforms and enersy-saving applications.

* Research & Development: Strong backeround in intesrated
systems, microelectronics, and communication
technologies.

* Public Speaking & Training: Skilled in deliverine encasing
presentations and workshops to diverse audiences.

* Consultancy & Project Management: Extensive experience
in advisine oreanizations on technology intesration and

innovation stratecies.

PROFESSIONAL EXPERIENCE

ACADEMIC EXPERIENCE - Lecturer, Department of Computer

Engineering, Faculty of Information Technolosy, Sripatum
University (2006 — Present): Desicned and developed innovative
course materials in leT and microelectronics, enhancing

curriculum relevance and student engasement.

CONSULTING ROLES - Served as a consultant for multiple

delivering insichts on loT project

disital

companies, stratesic

implementation, transformation, and technology

intesration to drive business innovation and efficiency.

PROJECTS (2016 - Present)

®* Healthcare Applications Using Smart Watches (2020)
Development of an Intellisent Temperature Control System
for Chicken Farms (2019)

* Sensor-Based Assistive Devices for Chject Recosgnition for
the Visually Impaired (2019)

®* System Optimization to Improve Enersy Efficiency and
Productivity in Golden Banana Farms (2018)

®* Mental Health Screening in Individuals at Risk of Depression
(2018

®* |oT-Based Smart Mushroom Cultivation System (2017)

* Intellicent Parkine System (2017)

®* |oT-Enabled Smart Trash Cans (2017)

®* |oT-Based Fetal Moverment Recording System (2016)

®  Moisture and Humidity Analysis for Elderly Diaper Change
Detection (2016)

®* |oT-Based Water Control System for Rice Farming (2016)
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Technologies

. Smart Watch

Smart Glasses

. Autonomous Vehicles

Drone
Smart Phone / Tablet
Smart Mirror

Telemedicine

8. Voice Control

9. Digital Payment / Cashless
10. Smart Voice Translator

11. Navigation System

12. Live Streaming

13. Hologram Technology

14. 5G Technology

Thai loT
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Sustainable Production
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Smart Manufacturing
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1 unine 2 wnae Industry 5.0 3 m3ysanms Al, loT, Robotics
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HAKNOWHOW

Industrial

REVOLUTIONS

mechanization, mass production, computers, cyber-physical
water and steam electricpower, automated systems, loT,
powers assemblyline  production, networking,

human-robot

collaboration,
cognitive systems,

customization

electronics machine learning

1800 1900 2000 2010

fn: https://www.researchgate.net
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EMPOWERING

INNOVATION
TOGETHER.




Human-Centric
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msysanms Al, 0T, Robotics uaz Big Data hunszinumsean

Al (Artificial Intelligence) loT (Internet of Things)
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Big Data & Cloud Computing Robotics & Automation
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- Data presentation
Al el 504 customer
interaction

service planning,

security, maintenance, .

and expenses of data Operations platform
maintenance

Transportation Petroleum and
electrici

L g‘:??”

e -
w PTEsd

Access and

transmission network A
GPRS/NB-loT/ 4G loT Gateways

(all Wireless) (All fixed)

Huawei LiteOS/Chipset/Module

Information sensing

and action I | | |
o §° 2 B B

Source: HCIA-loT V2.0 Training Material
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1. anunlaenseveserns (Food Safety)
o Al & I0T Feasnasuguamvesennsuuy Real-time
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mnaa Lean Manufacturing

Overproduction Waiting
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Predictive Maintenance
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Vibration Sensors for NeD

Predictive Maintenance
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mavianussvdanane Upskilling & Reskilling

Upskilling vs. Reskilling
Upskilling:
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